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ABSTRACT 
 
OBJECTIVE: 
This paper examined Nigeria, which recorded a Gini coefficient of 33.9 in 2022, ranking 11th 
in West Africa and 100th globally among 163 nations. Fair, equitable income distribution 
ensures sustainable economic growth and development.  
METHODS:  
The empirical study investigated the effects of financial developments, including Private 
Sector Credit (PSC) by Banks and Stock Market Capitalisation (SMC), on income 
distribution in Nigeria. The data were open-access secondary data from the Central Bank 
of Nigeria (CBN), the United Nations University World Institute for Development Economics 
Research (UNU-WIDER), and the World Bank. 
RESULTS: 
Descriptive statistics and an Autoregressive Distributed Lag (ARDL) were used to analyse 
data. Income inequality, as measured by the Gini Index, had a Mean of 43.333. There was 
a low level of PSC by commercial Banks as a percentage of GDP, with a Mean of 10.072 per 
cent, and low variation in the stocks-traded-to-GDP ratio, with a Mean of 0.009 and a 
standard deviation of 0.0097. The study found that PSC by Banks, as a percentage of GDP, 
was negatively associated with income inequality, with a coefficient of -0.0651 (p-value = 
0.0475). In contrast, the SMC-to-GDP ratio had a positive coefficient of 0.4439, which was 
not statistically significant (p-value = 0.5197). 
CONCLUSION:  
There is a significant relationship between PSC by commercial Banks and Income 
Inequality. Increasing funding through PSC by commercial banks can greatly address 
income inequality in Nigeria. 
 
KEYWORDS: 
Financial Development, Income Inequality, Private Sector Credit, Stock Market 
Capitalisation 
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INTRODUCTION 
Income inequality remains a persistent challenge for 
socioeconomic transformation, particularly in 
emerging economies like Nigeria. The World Inequality 
Report (2022)¹ shows an income ratio of 1:14 between 
the top 10% and bottom 50% of earners, and 1:37 
between the top 1% and bottom 50%. Nigeria's income 
disparity has been linked to the structural adjustment 
program (SAP) reforms of the early 1990s, which 
coincided with a persistent rise in Inequality. 
 
Despite governmental interventions, income inequality 
in Nigeria remains high, among the worst in Sub-
Saharan Africa, with adverse implications for the 
economy's progress. Financial development is 
highlighted as a major factor in studies such as those by 
Greenwood and Jovanovic,² Kim and Lin,³ and Okafor et 
al.,⁴ though gaps remain. 
 
First, it remains unclear how financial expansion 
relates to economic disparity in Nigeria, since the poor 
lack collateral for bank financing and are thus excluded 
from its benefits, especially given that 2019 NBS 
estimates put roughly 83 million Nigerians (40 per cent 
of the population) below the US$1.90 poverty line. 
Second, numerous financial development metrics 
exist, often linked to the banking industry or capital 
markets, and yield varying results on the finance–
inequality relationship. However, prior studies rely on 
limited measures, despite the need to assess financial 
development across the different financial market 
types existing in a country like Nigeria. Third, the 
nonlinearity of the finance–inequality relationship 
remains underexplored, even as Nigeria has 
undertaken and continues to undertake financial 
sector reforms to expand its financial sector amid 
disruptions such as COVID-19. Likewise, Inequality 
negatively affects healthcare access, education 
quality, wellness, and social stability.5,6,7 

 

Financial development has been proposed as a 
mechanism to reduce inequality,⁸ yet its effects vary 
across indicators such as credit, deposits, and market 
capitalisation relative to GDP, and the literature 
presents contrasting views. One view holds that credit 
accessibility narrows the rich-poor gap by enabling 
disadvantaged populations to invest in physical and 

human capital,2,3,4 with Banerjee and Newman⁹ 
similarly arguing that financial development allows 
lower-income individuals to invest in education and 
entrepreneurship. Conversely, other studies find a 
negative relationship, as lower-income individuals face 
limited financing due to insufficient collateral and 
networks, such that expanding financial markets can 
worsen economic disparities, which this study 
addresses. 
 
Theoretically, the Financial Kuznets Curve (FKC) 
hypothesis extends Kuznets'¹⁰ inverted-U logic to the 
relationship between finance and Inequality. Its 
foundational contribution, Greenwood and Jovanovic,² 
models an inverted U-shaped relationship between 
financial intermediary development and income 
inequality: in early stages, costly intermediation 
favours wealthier agents, raising Inequality, while 
mature, more accessible financial systems later 
reduce it. Related theoretical work by Greenwood and 
Smith¹¹ further shows how the endogenous emergence 
and deepening of financial markets shape the pace of 
economic development, reinforcing the link between 
financial market formation and structural economic 
change. 
 
Two linear theoretical benchmarks complement this 
nonlinear prediction. Galor and Zeira¹² show that 
imperfect credit markets and indivisible human capital 
investment allow initial wealth distribution to 
persistently shape aggregate output, as credit 
constraints prevent people experiencing poverty from 
making profitable investments in education. Banerjee 
and Newman⁹ similarly demonstrate that imperfect 
credit markets and initial wealth jointly determine 
occupational choice (wage employment, self-
employment, entrepreneurship), sustaining long-run 
Inequality. Testing these theories on 91 countries 
(1960–95), Clarke, Xu, and Zou¹³ find that Inequality 
declines as financial intermediaries develop, 
consistent with Galor and Zeira¹² and Banerjee and 
Newman,⁹ while also showing the relationship depends 
on sectoral economic structure, in the Kuznets 
tradition. 
 
Beck, Demirgüç-Kunt, and Levine¹⁴ further show that 
economic growth reduces income disparity in selected 
industrialised economies, lending empirical support to 
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the FKC and highlighting that the finance–inequality 
relationship depends on institutional quality, policy, 
and the stage of economic development. The FKC 
hypothesis thus rests on two core channels: financial 
deepening and financial inclusion, both of which 
underscore the need to account for contextual factors 
in empirical analysis. 
 
Importantly, different measures of financial 
development are not theoretically expected to trace an 
identical curve: financial depth (e.g., private credit to 
GDP) aligns most closely with the Greenwood–
Jovanovic nonlinear channel. In contrast, financial 
access or inclusion aligns more closely with the credit-
constraint-relaxation channel emphasised by Galor 
and Zeira¹² and Banerjee and Newman.⁹ 
 
Several studies support the argument that different 
dimensions of financial development trace distinct 
curves rather than a single common FKC. Mbona,¹⁵ 
using system GMM across 120 countries (2004–2019), 
finds that financial access consistently reduces 
Inequality, while financial depth shows a U-shaped 
("Too Much Finance") pattern nonlinearly, opposite the 
classic FKC. Huynh and Tran,¹⁶ covering 30 Asian 

countries (2000–2019), similarly find that institutional 
access and efficiency reduce Inequality, while 
institutional and market depth increase it. Demir et 
al.,¹⁷ using quantile regression on Global Findex data, 
show that FinTech-driven financial inclusion reduces 
Inequality across all income quantiles, operating as a 
channel distinct from financial depth. Chisadza and 
Biyase,¹⁸  covering advanced, emerging, and developing 
economies (1980–2019), find that banking-sector 
development reduces Inequality in emerging and least-
developed economies, while stock market 
development worsens it, confirming that equity-market 
development need not follow the same equalising path 
as banking-sector deepening. A comparable 
disaggregated pattern is found within Africa by Okafor et 
al.1⁹, who similarly show that the effect of financial 
development on income inequality varies depending on 
which dimension of financial development is examined. 
 
METHODS 
Data and Methodology  
Secondary data spanning 1990 to 2022 were utilised for 
the present investigation as described in Table 1  

 
Table 1. Description of variables 

Variable Abbreviation Definition Source 
GINI Index GINI Income disparity measurement United Nations University World 

Institute for Development 
Economics Research (UNU-
WIDER) 

Private Sector Credit 
by Banks as a 
Percentage of GDP 

PCBGDP Financial development metric measuring the 
percentage of GDP that financial institutions 
lend to the private sector 

World Bank World Development 
Indicators (WDI) 

Stock Market 
Capitalisation to 
GDP Ratio 

SMCGDP Economic growth indicator measuring the 
share of stock market capitalisation in GDP 

Central Bank of Nigeria (CBN) 
Statistical Bulletin 

Value of Shares 
Traded to GDP Ratio 

VSTRGDP Economic growth metric measuring the share 
of the value of stocks traded in GDP 

Central Bank of Nigeria (CBN) 
Statistical Bulletin 

GDP per Capita - Amount of production generated by a nation 
per person over a certain period (total GDP 
divided by population) 

World Bank World Development 
Indicators (WDI) 

Inflation INF A spike in the price of commodities and 
amenities that exceeds the predetermined 
benchmark and is consistent 

World Bank World Development 
Indicators (WDI) 

Corruption Control CORR The corruption control index of the ICRG, 
ranging from 0 to 6, is multiplied by (-1) so 
that higher values indicate higher corruption. 

International Country Risk Guide 
(ICRG) 
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3.2 Model Specification 
The model selected for this study is based on 
modifications to the framework proposed by 
Olohunlana,20 as delineated in equation (3.1): 

GINI=f(FID, GDP, INF, CORR)    
               (3.1) 

Here, GINI represents the Gini index, FID denotes 
financial development, GDP signifies Gross Domestic 
Product, INF stands for inflation, and CORR indicates 
corruption. 

To achieve the primary objective of this study, which is 
to assess the impact of financial development on 
income inequality globally, with a focus on selected 
financial development measures in Nigeria, Equation 
(3.1) has been adapted. The resulting model for the 
current study is presented in equation (3.2): 

GINI=f(FID, GDPPC, INF, CORR)   
     (3.2) 

For estimation purposes, and in alignment with the 
research objectives, equation (3.2) is explicitly 
expressed as an econometric model, resulting in 
equation (3.3): 

GINIt = α0 + α1FIDt + α2LogGDPPCt + α3INFt +

α4CORRt + εt    (3.3) 

In this context, GINI is the Gini index, FID represents 
financial development, GDPPC is Gross Domestic 
Product per Capita, INF denotes inflation, CORR 
signifies corruption, ε is the error term, is a constant, 
represents the coefficients of the model's individual 
independent variables, and t denotes the time interval 
(1990–2022). 

The investigation employs three metrics of financial 
development, as approximated in equation (3.3): the 
total value of traded stocks-to-GDP ratio, the market 
capitalisation-to-GDP ratio, and the proportion of GDP 
allocated to private-sector lending by financial 
institutions. Consequently, this leads to the 
formulation of three models based on equation (3.3), 
designated as 3.3a – 3.3c. 
 

Private sector credit by banks as a percentage of 
GDP, and GINI 
Replacing FID in Equation (3.3) with private sector 
credit by banks as a percentage of GDP (PCBGDP), 
equation (3.3a) is specified. 

GINIt = β0 + β1PCBGDPt + β2LogGDPPCt + β3INFt +

β4CORRt + εt    (3.3a) 

Where GINI is the Gini index, PCBGDP is Private sector 
credit by banks as a percentage of GDP.  

Stock Market Capitalisation to GDP Ratio, and GINI 
Replacing FID in Equation (3.3) with the stock market 
capitalisation to GDP ratio (SMCGDP), equation (3.3b) 
is specified. 

GINIt = γ0 + γ1SMCGDPt + γ2LogGDPPCt + γ3INFt +

γ4CORRt + εt    (3.3b) 

Where GINI is the Gini index, and SMCGDP is the Stock 
Market Capitalisation-to-GDP Ratio.  

Value of Stocks Traded to GDP Ratio, and GINI 
Replacing FID in Equation (3.3) with the Value of Stocks 
Traded to GDP Ratio (VSTRGDP), equation (3.3c) is 
specified. 

GINIt = 𝛿0 + δ1SMCGDPt + δ2LogGDPPCt + δ3INFt +

δ4CORRt + εt    (3.3c) 

Where GINI is the Gini index, VSTRGDP is the Value of 
Stocks Traded to GDP Ratio. 

Note that in equation (3.3) and its association models 
3.3 a–3.3 c, are in line with the first research objective of 
this study. While equation (3.2) helps with achieving the 
second research objective of this study, which is to 
analyse the extent to which a nonlinear relationship 
exists between selected financial development 
measures and income inequality in Nigeria, Equation 
(3.4) is the second general model specification for the 
present study, incorporating the square of financial 
development (FID2). 

GINI=f(FID, FID2,, GDPPC, INF, CORR)   
    (3.4) 
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Where GINI is the Gini index, FID is financial 
development, FID2 is the square of financial 
development, GDPPC is Gross Domestic Product per 
Capita, INF is inflation, CORR is corruption, ε is the 
error term,  is a constant,  are the coefficients of the 
respective independent variables of the model, and t is 
the time period (1990 – 2022). 

Equation (3.4) specified as an econometric model 
results in equation (3.5) 

GINIt = τ0 + τ1FIDt + τ2FDIt
2 + τ3LogGDPPCt +

τ4INFt + τ5CORRt + εt  (3.5) 

Equation (3.5) is estimated for the three measures of 
financial development employed in this study: private-
sector credit extended by banks as a percentage of GDP 
(PCBGDP), the stock market capitalisation-to-GDP 
ratio (SMCGDP), and the value of stocks traded-to-GDP 
ratio (VSTRGDP). Consequently, three models result 
based on equation (3.5), 3.5a – 3.5c 
 
Square of Private sector credit by banks as a 
percentage of GDP, and GINI 
Replacing in equation (3.5), FID with Private sector 
credit by banks as a percentage of GDP (PCBGDP), and 
FID2 with the square of private sector credit by banks as 
a percentage of GDP (PCBGDP2), equation (3.5a) is 
specified. 

GINIt = ϑ0 + ϑ1PCBGDPt + ϑ2PCBGDPt
2 +

ϑ3LogGDPPCt + ϑ4INFt + ϑ5CORRt + εt 
 (3.5a) 

 
Square of Stock Market Capitalisation to GDP Ratio, 
and GINI 
Replacing in equation (3.5), FID with the stock market 
capitalisation to GDP ratio (SMCGDP), and FID2 with the 
square of the stock market capitalisation to GDP ratio 
(SMCGDP2), equation (3.5b) is specified. 

 
GINIt = φ0 + φ1SMCGDPt + φ2𝑆𝑀𝐶𝐺𝐷𝑃𝑡

2 +
φ3GDPPCt + φ4INFt + φ5CORRt + εt  (3.5b) 

 
Square of Value of Stocks Traded to GDP Ratio, and 
GINI 

Replacing in equation (3.5), FID with Value of Stocks 
Traded to GDP Ratio (VSTRGDP), and FID2 with the 
square of Value of Stocks Traded to GDP Ratio 
(VSTRGDP2), equation (3.5c) is specified. 

 
GINIt = 𝜔0 +ω1VSTRGDPt +ω2𝑉𝑆𝑇𝑅𝐺𝐷𝑃𝑡

2 +
ω3LogGDPPCt +ω4INFt +ω5CORRt + εt  
       

 (3.5c) 
 

Note in equation (3.5) and its association models 3.5a – 
3.5c, that GINI is the dependent variable that is 
included in the modelling; in accordance with the 
second primary objective of the current investigation, 
the primary independent variables that are crucial for 
the model's performance are the corresponding 
financial growth indicators and their respective 
squares. All other variables are control variables. 
Further, across all model specifications, note that 
GDPPC is log-transformed to standardise its coefficient 
because of its large scale. 
 
The a priori expectation concerns the specification of 
variable parameters based on empirical data from 
previous studies or tested theories. The independent 
variables and income disparity, as gauged by GINI 
should have the following relationships based on 
equations (3.3) and (3.4). 

The intercept β0 should be positively signed, according 
to the a priori expectation. This suggests that the 
intercept equals the value of the variable in question 
when all independent variables are held fixed, or when 
the coefficients of all explanatory variables are 0. 
 
Technique of Estimation 
To accomplish the goals of the present investigation, 
the unit root test forms the foundation for selecting 
further exploratory methods to achieve the analysis's 
objective. A cointegration analysis was also conducted 
before the specified model was estimated. The main 
technique employed in this study is the ARDL 
estimation. The ARDL estimation is performed by 
incorporating lags of both the dependent and 
independent variables into the model. Some of the 
benefits of the ARDL estimation include the ability to 
accommodate a mix of I(0) and I(1) variables. 
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Furthermore, the ARDL estimation facilitates the 
assessment of both short- and long-term relationships. 
The use of this estimation technique also addresses 
endogeneity issues, including reverse causality 
between FD and income inequality, and omitted 
variable bias by using lagged independent variables as 
instruments in the ARDL model. 
 
RESULTS 
Descriptive Statistics of Variables 

The variables employed in this study are listed in Table 
2  
 
The standard deviation of Gini indicates low variation, 
while skewness and kurtosis indicate that Gini is 
positively skewed and has a peaked distribution over its 
series. The standard deviation of private reflects low 
variation in the private credit by commercial banks as a 
% of GDP series. In contrast, the skewness and kurtosis 
indicate that private credit as a % of GDP is positively 
skewed and has a highly peaked distribution over time. 

Table 2. Variable Descriptive Statistics 
Descriptive 
Statistics 

Gini 
Index 

Private Sector 
credit by 

commercial 
Banks  

(as % of GDP) 

Stock Market 
Capitalisation 
to  GDP  Ratio 
(In Decimals) 

Value of 
Shares Traded 
Stock to  GDP  

Ratio 
(In Decimals) 

GDP Per 
Capita 

(In Naira)  

Inflation 
(%) 

Corruption 
Index 

 Mean 43.331 10.072 0.131 0.009 248700.900 18.097 1.527 
 Median 39.844 8.897 0.125 0.007 164579.400 12.538 1.500 
 Maximum 57.150 19.604 0.380 0.042 740432.200 72.836 -1.00 
 Minimum 35.541 4.948 0.033 0.00041 5195.059 5.388 -2.00 
 Std. Dev. 7.921 3.525 0.083 0.00970 239135.700 16.634 0.342 
 Skewness 0.527 0.954 0.831 1.738 0.668 2.130 -0.032 
 Kurtosis 1.644 3.679 3.657 6.010 2.075 6.409 2.181 

        
 Observations 31 31 31 31 31 31 31 

Source: Authors' Computation 

The stock market capitalisation-to-GDP ratio mean and 
median have been very low, with a range of 0.347. The 
standard deviation reflects how low the variation is in 
the stock capitalisation-to-GDP ratio series. At the 
same time, the skewness and kurtosis indicate that the 
stock market capitalisation-to-GDP ratio is positively 
skewed and has a very high-peaked distribution over 
time. The stocks-to-GDP ratio has been very low on 
average. The standard deviation reflects how low the 
variation is in the values of the stocks-traded-to-GDP 
ratio series. In contrast, the skewness and kurtosis 
reflect that the Value of Stocks traded to GDP ratio is 
positively skewed and has a very high-peaked 
distribution over its series. 

The standard deviation reflects low variation in the GDP 
per capita series, while the skewness is positive, 
indicating a right-tailed distribution. The inflation rate in 
Nigeria has been high, averaging 67.448%. The standard 

deviation indicates low variation in the inflation rate 
series, while the skewness and kurtosis indicate that 
the inflation rate is positively skewed and has a high-
peaked distribution. Corruption has been quite high on 
average, and the skewness and kurtosis of -0.032 and 
2.181, respectively, indicate that the corruption index is 
negatively skewed but has a peaked distribution over its 
series. 

Econometric Results 
The econometric analysis of results comprises a unit 
root test of variables and a cointegration test, which 

Unit Root Test 
Table 3 presents the ADF unit root test results at levels 
and first differences. GINI, PCBGDP, and LogGDPPC are 
stationary at both levels and first difference, making 
them I(0). At the same time, SMCGDP, VSTRGDP, INF, 
and CORR are non-stationary at levels but become 
stationary after first differencing, making them I(1). 
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Since the variables exhibit a mixed order of integration, 
a combination of I(0) and I(1) series, with none 
integrated of order I(2) or higher, the ARDL bounds 

testing approach is deemed appropriate for examining 
the long-run and short-run relationships among the 
variables. 

 
Table 3.: Summary of Augmented Dickey-Fuller Unit Root Test Results 

Variables  Augmented Dickey-Fuller (ADF) Test Statistic Order of 
Integration Levels First Difference 

Gini -2.944*** 
(0.0047) 

-3.738*** 
(0.0355) 

I(0) 

PCBGDP -3.572* 
(0.0502) 

-4.904*** 
(0.0027) 

I(0) 

SMCGDP -3.075 
(0.1301) 

-5.776*** 
(0.0003) 

I(1) 

VSTRGDP 2.422 
(0.3316) 

-5.751*** 
(0.003) 

I(1) 

LogGDPPC -2.769* 
(0.0762) 

-5.7052*** 
(0.0003) 

I(0) 

INF -2.070 
(0.2574) 

-4.364*** 
(0.0088) 

I(1) 

CORR -3.026 
(0.1453) 

-2.607** 
(0.0115) 

I(1) 

 *, **, *** denotes significance at 10%, 5% and 1%. P-Values in parenthesis. Source: Authors’ Computation 

Multicollinearity Test 
Table 4. reveals that the regressors are not linearly 
dependent on one another, as the pairwise correlations 
are not close to 1.00 between the respective financial 

development indicators and control variables; 
therefore, all the models specified for the present study 
pass the multicollinearity test. 

 
Table 4: Multicollinearity test 

Independent Variables PCBGDP SMCGDP VSTRGDP GDPPC INF CORR 

PCBGDP 1.000 0.699 0.705 0.572 -0.315 -0.256 
SMCGDP 0.699 1.000 0.796 0.703 -0.442 -0.220 
VSTRGDP   1.000    
GDPPC 0.572 0.703 0.553 1.000 -0.366 -0.165 
INF -0.315 -0.442 0.394 -0.366 1.000 0.526 
CORR -0.256 -0.220 0.263 -0.165 0.526 1.000 

Source: Authors' Computation 

Cointegration Test 
Based on the results in Tables 5–7, it can be inferred that 
there is a cointegration between the independent and 
dependent variables in model 3.4a-3.4c. This is 

because the F-statistic values exceeded both the lower 
and upper bounds at the 5% level. According to the 
cointegration test, for cointegration to hold, the F-
statistic must exceed the upper or lower bound. 

Table 5. ARDL Bounds Test for Model 3.4a 
Dependent Variable: GINI 

F-stat value Degrees of 
Freedom 

Significance 
level 

Lower Bound Upper bound 
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14.9019** 4 0.05 2.86 4.01 

No. of Observations: 30 (after adjustment) 

**, denotes significance at 5%  
Source: Authors' Computation  

Table 6. ARDL Bounds Test for Model 3.4b 
Dependent Variable: GINI 

F-stat value Degrees of 
Freedom 

Significance 
level 

Lower Bound Upper bound 

41.8810** 4 0.05 2.86 4.01 

No. of Observations: 29 (after adjustment) 

**, denotes significance at 5%  
Source: Authors' Computation 

Table 7. ARDL Bounds Test for Model 3.4c 
Dependent Variable: GINI 

F-stat value Degrees of 
Freedom 

Significance 
level 

Lower Bound Upper bound 

49.1031** 4 0.05 2.86 4.01 

No. of Observations: 28 (after adjustment) 

**, denotes significance at 5%  
Source: Authors' Computation 

On the other hand, based on the results in Tables 8-10, 
it can be inferred that there is no cointegration between 
the independent and dependent variables in the 
models 3.5a-3.5c. This is because the F-statistic values 

are below both the lower and upper bounds at the 5% 
level. According to the cointegration test, for 
cointegration to hold, the F-statistic must exceed the 
critical value at the specified significance level. 

Table 8. ARDL Bounds Test for Model 3.5a 
Dependent Variable: GINI 

F-stat value Degrees of 
Freedom 

Significance 
level 

Lower Bound Upper bound 

1.8215 5 0.05 2.62 3.79 

No. of Observations: 29 (after adjustment) 

Source: Authors' Computation 
 
Table 9. ARDL Bounds Test for Model 3.5b 

Dependent Variable: GINI 

F-stat value Degrees of 
Freedom 

Significance 
level 

Lower Bound Upper bound 

9.6724 5 0.05 2.62 3.79 

No. of Observations: 29 (after adjustment) 

Source: Authors' Computation  
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Table 10. ARDL Bounds Test for Model 3.5c 
Dependent Variable: GINI 

F-stat value Degrees of 
Freedom 

Significance 
level 

Lower Bound Upper bound 

13.0392 5 0.05 2.62 3.79 

No. of Observations: 29 (after adjustment) 

Source: Authors' Computation  
 
ARDL Estimation 
The results of the short-run ARDL model estimation for 
models 3.4a – 3.5c are presented in Table 11. The 

results were interpreted based on the estimated 
model. 
 

 
Table 11. ARDL Short Run Model Estimation Results 

Model Model 3.4a Model 3.4b Model 3.4c Model 3.5a Model 3.5b Model 3.5c 
Dependent Variable GINI GINI GINI GINI GINI GINI 
C 13.7531** 

(0.0179) 
-2.3064 
(0.6081) 

2.001 
(0.6825) 

10.6730 
(0.2006) 

13.2237 
(0.2707) 

20.333*** 
(0.0019) 

PCBGDP -0.0651** 
(0.0475) 

  -0.009987 
(0.9606) 

  

PCBGDP(-1)    -0.4650** 
(0.0247) 

  

PCBGDP(-2)    0.2643 
(0.1494) 

  

PCBGDP2    0.001642 
(0.8273) 

  

PCBGDP2(-1)    0.01263* 
(0.0688) 

  

PCBGDP2(-2)    -0.008237 
(0.2067) 

  

SMCGDP  0.4439 
(0.5197) 

  -8.1456 
(0.5096) 

 

SMCGDP(-1)  -1.4494** 
(0.0435) 

  -21.5147 
(0.2053) 

 

SMCGDP(-2)  -0.7727 
(0.2592) 

  -26.9215** 
(0.0294) 

 

SMCCGDP(-3)  -1.6601** 
(0.0206) 

    

SMCGDP2     14.1902 
(0.5642) 

 

SMCGDP2 (-1)     39.7748 
(0.2356) 

 

SMCGDP2(-2)     51.3436** 
(0.0396) 

 

VSTRGDP   -4.3707 
(0.2500) 

  -70.064* 
(0.0900) 

VSTRGDP(-1)   -8.8503** 
(0.0440) 

  -91.850* 
(0.0536) 

VSTRGDP(-2)   -5.0346 
(0.2122) 

   

VSTRGDP(-3)   -13.0843**    
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(0.0036) 
VSTRGDP2      1355.603 

(0.1107) 
VSTRGDP2(-1)      1695.213* 

(0.0848) 
LogGDPPC -0.7356** 

(0.0116) 
-0.5429 
(0.4005) 

-0.06134 
(0.7982) 

0.7302 
(0.5800) 

 1.1259 
(0.3689) 

LogGDPPC(-1)  -0.04686 
(0.9368) 

 -3.1942** 
(0.0267) 

1.1108 
(0.4458) 

-2.0673* 
(0.0767) 

LogGDPPC(-2)  0.7893 
(0.2015) 

 2.0360** 
(0.0395) 

-1.2059 
(0.3169) 

 

INF 0.0092 
(0.2246) 

0.003508 
(0.3495) 

0.000564 
(0.8332) 

0.001215 
(0.9062) 

-0.01217 
(0.2992) 

-0.008360 
(0.3416) 

INF(-1) -0.0269*** 
(0.0060) 

0.003892 
(0.4965) 

-0.001805 
(0.5939) 

 -0.02187** 
(0.0430) 

-0.02021** 
(0.0216) 

INF(-2)  -0.008946** 
(0.0156) 

-0.01110** 
(0.0402) 

 -0.01639* 
(00826) 

 

CORR -2.3664*** 
(0.0000) 

-2.1745*** 
(0.0000) 

-2.2625*** 
(0.0000) 

-1.7459** 
(0.0167) 

-3.8056*** 
(0.0005) 

-2.3908*** 
(0.0000) 

CORR(-1)  1.2097*** 
(0.0049) 

0.8986** 
(0.0102) 

1.5367* 
(0.0674) 

0.5676 
(0.5702) 

 

CORR(-2)  -0.7742*** 
(0.0077) 

-0.7917*** 
(0.0021) 

-0.9850* 
(0.0900) 

-1.2190* 
(0.0729) 

 

GINI(-1) 0.8094*** 
(0.0000) 

0.9368*** 
(0.0000) 

0.7934*** 
(0.0000) 

1.2951*** 
(0.0000) 

0.67957*** 
(0.0004) 

0.7175*** 
(0.0000) 

GINI(-2)   0.09547 
(0.2725) 

-0.4385*** 
(0.0045) 

  

R-Squared 0.9980 0.9999 0.9999 0.9994 0.9991 0.9988 
DW-Stat 1.7731 2.4172 1.8874 2.3499 2.046724 2.016 
F-Stat 1929.126*** 

(0.0000) 
6288.258 
(0.0000) 

8420.573 
(0.0000) 

1415.753*** 
(0.0000) 

920.405*** 
(0.0000) 

1625.652 
(0.0000) 

No. of Obs (After 
Adjustment) 

30 29 28 29 29 30 

*, **, *** denotes significance at 10%, 5% and 1%. P-Values in parenthesis 
Source: Authors' Computation 

Model 3.4a. 
GDP per capita has a significant negative effect on 
income inequality in Nigeria. For a 1 per cent increase 
in GDP per capita, Nigeria's income inequality 
decreases by 0.7356 per cent. However, the growth 
increase resulting from trade may be considered small. 
Private credit by banks, as a percentage of GDP, has a 
coefficient indicating it is significant for income 
inequality, and a negative relationship with income 
inequality. The coefficient of inflation is statistically 
insignificant at the 5% level, and inflation has a positive 
relationship with income inequality as a one-unit 
increase in inflation leads to a 0.0092percent increase 
in income inequality in Nigeria. One-period-lagged 

inflation has a coefficient that shows INF is significant 
for income inequality. reflecting that previous inflation 
boosts current inflation. In addition, corruption (CORR) 
is negatively associated with income inequality and is 
statistically significant at the 1% level (p = 0.0000). A 
one-unit increase in corruption leads to a 2.3664 per 
cent decrease in income inequality, as measured by 
Nigeria's Gini index. 

Model 3.4b. 
The stock market capitalisation-to-GDP ratio 
(SMCGDP) has a positive and statistically insignificant 
effect on income inequality in Nigeria. For a 1 per cent 
increase in the stock capitalisation-to-GDP ratio, 
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Nigeria's income inequality increases by 0.4439 per 
cent. The one-period lagged stock market 
capitalisation-to-GDP ratio (SMCGDP(-1)) is significant 
in reducing income inequality, indicating that the 
previous stock market capitalisation-to-GDP ratio 
boosts the current Gini index. In addition, the two-
period lagged stock market capitalisation-to-GDP ratio 
has an insignificant coefficient on income inequality, 
indicating that previous stock market capitalisation 
does not boost the current Gini index. Meanwhile, the 
three-period-lagged stock market capitalisation-to-
GDP ratio indicates a GINI increase due to the lag. 

A 1 per cent increase in GDP per capita (LogGDPPC) will 
reduce income inequality by 0.5429 per cent. One-
period-lagged LogGDPPC and second-period-lagged 
LogGDPPC are statistically insignificant. 

Looking at the Inflation (INF) shows that it is statistically 
insignificant. One-period lagged INF is statistically 
insignificant. The two-period lagged INF was 
statistically significant at the 5% level.  
 
The Control of Corruption (CORR) indicator is 
statistically significant at the 5% level. A 1 per cent 
increase in corruption control reduces income 
inequality by 2.1745 per cent. The one-period lag of 
corruption control has a coefficient that is statistically 
significant at the 5% level. This means that the previous 
period's corruption control affects the current period. 
The two-period lags of corruption control are 
statistically significant at the 5% level. 

Model 3.4c 
A unit increase in the value of the stock traded to GDP 
ratio (VSTRGDP) reduces income inequality by 4.3707 
per cent. The one-period lag of the stock-traded-to-
GDP ratio is statistically significant at the 5% level. The 
previous period's stock-traded-to-GDP ratio value 
increases the current period's Gini index. The two-
period lag of the stock-traded-to-GDP ratio is 
statistically insignificant at the 5% level. The three-
period lag in the stock-traded-to-GDP ratio is 
statistically significant. 

Gross Domestic Product per capita (LogGDPPC) is 
statistically insignificant and indicates that a one per 
cent increase in GDPPC will reduce income inequality 
by 0.06134 per cent. Inflation (INF) is statistically 
insignificant. The one-period lagged INF is statistically 
insignificant. The two-period-lagged INF, with a 
coefficient, is statistically significant at the 5% level.  

Corruption (CORR) had a coefficient showing that it was 
statistically significant at the 5% level. A 1 per cent 
increase in corruption increases income inequality by 
2.2625 per cent. The one-period lag of corruption is 
statistically significant at the 5% level. This means that 
corruption in the previous period affects corruption in 
the current period. The two-period lag of corruption has 
a coefficient which is statistically significant at the 5% 
level. 

Models 3.5a-3.5c 
The models capture the nonlinearity of each financial 
development indicator and the Gini index. We focus on 
each indicator and its squared value for statistical 
significance. It is evident that, for private credit by banks 
as a percentage of GDP (PCBGDP) and the value of 
stocks traded to GDP ratio (VSTRGDP), the first-period 
lag of the indicators is statistically significant, as are the 
squares of the variables. On the other hand, regarding 
the stock market capitalisation-to-GDP ratio 
(SMCGDP), the second lag of the indicators is 
statistically significant, as is the square of the variables.  

Post Estimation Results 
The post-estimation ARDL results for all six estimated 
ARDL models, comprising various tests of the residual, 
are presented in Table 12. None of the test statistics is 
significant because their p-values exceed the 10% 
threshold. Consequently, across all estimated models, 
the residuals are free of abnormal distributions, 
autocorrelation, and heteroscedasticity. Thus, the 
estimated ARDL models in the present study were all 
valid.  
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Table 12. ARDL Residual Test Results 
Model Model 3.4a Model 3.4b Model 3.4c Model 3.5a Model 3.5b Model 3.5c 
Normality Test 
Jarque-Bera 0.5069 

(0.7761) 
0.9532 

(0.6209) 
0.6996 

(0.7048) 
1.4301 

(0.4892) 
0.5069 

(0.7761) 
3.0219 

(0.2207) 
Breusch-Godfrey Serial Correlation test 
F-statistic 0.1703 

(0.8446) 
0.4523 

(0.6475) 
0.2801 

(0.7605) 
3.0028 

(0.1087) 
0.06822 
0.9345) 

0.04690 
(0.9543) 

Obs*R-squared 0.4788 
(0.7871) 

2.1278 
(0.3451) 

1.2487 
(0.5356) 

5.8043 
(0.1160) 

0.3553 
(0.8372) 

0.1646 
(0.9210) 

Breusch-Pagan-Godfrey Heteroskedasticity test 
F-statistic 2.0043 

(0.1065) 
0.6056 

(0.8183) 
0.9406 

(0.5413) 
1.5311 

(0.2232) 
0.8361 

(0.6336) 
0.8819 
(0.5652) 

Obs*R-squared 10.3004 
(0.1126) 

11.0522 
(0.6819) 

13.0538 
(0.4437) 

18.5182 
(0.2364) 

14.2397 
(0.5074) 

9.5106 
(0.4844) 

Scaled explained SS 
 

4.9843 
(0.5458) 

2.1259 
(0.9999) 

2.2029 
(0.9996) 

1.6981 
(1.0000) 

2.6766 
(0.9998) 

3.3084 
(0.9732) 

Source: Authors' Computation 

CUSUM and CUSUM of Squares Test of Parameter 
Stability for Models 3.4a – 3.5c 
The tests of parameter stability, which are further post-
estimation tests after ARDL, are the CUSUM and 
CUSUM of squares tests. In respect of all estimated 
models, for there to be parameter stability, the trends of 
the recursive residuals must be contained within the 
bounded area. Thus, Figures 1a–1m are the respective 
diagrams of the CUSUM and CUSUM of Squares Test of 
Parameter Stability for the estimated models 3.4a-3.5c, 
wherein for all the models estimated, the parameters 
are found to be stable as they remain within the 
bounded area at the 5% level of significance. 
 
DISCUSSION 
The present study has found that, regardless of the 
financial development measure used in relating to 
income inequality, financial development has shown to 
have  a significant effect on income inequality in 
Nigeria. However, the effects of each financial 
development measure on income inequality vary in 
magnitude across indicators. There is limited evidence 
that previous studies in Nigeria have evaluated the 
effect of financial development on income inequality by 
utilising alternative measures of financial development.  

In line with this study, there is a limitation by the use of 
secondary data, which limits the availability of 
stakeholders' views and perceptions on the variables. 

Secondly, the ARDL estimates limit the integration test, 
however, the ADF unit root test was used. The Gini index 
was used to evaluate wealth disparity, while two 
financial development indicators were utilised to gauge 
financial development. 
 
Financial development involves channelling resources 
through Banks, and Banks facilitate financial inclusion 
and the development of capital market-based financial 
systems. Banks are key to the mobilisation of savings for 
investments in the credit and stock markets. The 
findings regarding the favourable effect of financial 
developments on income inequality align with those of 
Sikhawal21 and Jauch and Watzka,22. The 
aforementioned studies were not conducted in Nigeria 
and did not utilise alternative measures of financial 
development. Kapingura23, however, provides evidence 
that contrasts with the findings of this present study. 

This highlights the turning point in the financial 
development-income inequality link, and this should be 
taken into consideration in policy design in order to 
reduce income inequality. Notably, the nonlinear 
relationship between financial development and 
income inequality in Nigeria is evident when using a lag 
of one or two financial development measures, 
highlighting heterogeneity in this relationship. The 
results here are aligned with those of De Haan and 
Sturm.24 As this present study collectively add value to 
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the literature on financial development and income 
inequality in general and Nigeria in particular and 
highlight the vital role of financial sector development 
in effectively addressing income inequality in Nigeria.  

Furthermore, the financial Kuznets curve argument are 
relevant and extended to further measures of financial 
development, such as bank sector development 
indicators of liquidity and other stock market 
development indicators, such as the stock market 
turnover ratio. Knowledge of the link between financial 
development measures and income inequality may 
enable the design of an informed policy to reduce 
income inequality by addressing financial development 
across the various dimensions of bank and stock 
market development in Nigeria. In addition, based on 
the present study's findings, SDG4, in particular, will be 
achieved by addressing financial development.   

In terms of the variation in the impact of financial 
development on income inequality across selected 
financial development measures in Nigeria, it is evident 
from Table 11 and with a focus on Models 3.4a – 3.4c, it 
can be observed that for each selected financial 
development measure (PCBGDP, SMCGDP, VSTRGDP), 
the coefficients are statistically significant. However, 
the coefficients of the measures varied across the 
models. Thus, the impact of financial development on 
income inequality varies across the selected financial 
development measures in Nigeria, as supported. In 
addition, there is a nonlinear relationship between 
selected financial development measures and income 
inequality in Nigeria. Also,  from Table 11, and with focus 

on Models 3.5a – 3.5c, it can be observed that for each 
selected financial development measure – PCBGDP, 
SMCGDP, VSTRGDP–their coefficients, as well as those 
of their respective squares, are statistically significant 
and are different in sign. In the case of Private 
commercial bank credit to GDP, PCBGDP(-1) and 
PCBGDP2(-1), in the case of Stock market capitalisation 
to GDP ratio, SMCGDP(-2) and SMCGDP2(-2), in the 
case of value of stocks traded to GDP ratio, VSTRGDP(-
1) and VSTRGDP2(-1)  
 
The evidence here have yielded insights into reducing 
Inequality through the financial development channel 
in Nigeria. Policymakers should focus on inclusive 
financial development strategies aligned with 
frameworks such as Nigeria's National Financial 
Inclusion Strategy.25-26 This entails improving the 
availability of financial services for marginalised and 
low-income sectors through the promotion of 
microfinance institutions as well as ensuring that these 
sectors possess the requisite financial literacy to utilise 
these services effectively. By expanding the reach of 
financial services, the gap between the affluent and 
underprivileged can be reduced, ultimately leading to a 
fair distribution of income. 

The Central Bank of Nigeria should implement targeted 
credit-easing mechanisms for small and medium 
enterprises (SMEs) and low-income earners, 
capitalising on the statistically significant negative 
relationship between private credit growth by 
commercial banks (PCBGDP) and the Gini index. 
Regulatory bodies (such as the Nigerian Securities and 

 
CUSUM and CUSUM of Squares Test of Parameter Stability for Models 3.4a – 3.5c 
Figures 1a – 1m 
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Figure 1a. CUSUM Test Diagram of Parameter Stability-Model 3.4a 
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Figure 1c. CUSUM Test Diagram of Parameter Stability-Model 3.4b 
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Figure 1d. CUSUM of Squares Test Diagram of Parameter Stability-

Model 3.4b 
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Figure 1e. CUSUM Test Diagram of Parameter Stability-Model 3.4c 
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Figure 1f. CUSUM of Squares Test Diagram of Parameter Stability-Model 

3.4c 
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Figure 1g. CUSUM Test Diagram of Parameter Stability-Model 3.5a 
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Figure 1i. CUSUM of Squares Test Diagram of Parameter Stability-Model 

3.5a 
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Figure 1j. CUSUM Test Diagram of Parameter Stability-Model 3.5b 
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Figure 1k. CUSUM of Squares Test Diagram of Parameter Stability-

Model 3.5b 
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Figure 1l. CUSUM Test Diagram of Parameter Stability-Model 3.5c 
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Figure 1m. CUSUM of Squares Test Diagram of Parameter Stability-

Model 3.5c 
 
Exchange Commission) should prioritise policies that 
drive stock market liquidity and trading volume rather 

than mere market capitalisation. This is supported by 
evidence that the value of stocks traded to GDP 



 
 

  
ASFI Research Journal. 2026;3(1): e13990. https://doi.org/10.70040/asfirj-k7ez-y539 15 

 

eISSN: 3043-4262 

(VSTRGDP) yields a powerful contemporary reduction in 
Inequality (4.37%). In contrast, stock market 
capitalisation (SMCGDP) exerts an insignificant or 
lagged impact.  
 
Given the highly peaked distribution and persistent 
nature of inflation in Nigeria, the monetary authorities 
must implement stringent inflation-targeting regimes, 
as lagged inflation significantly exacerbates 
subsequent income disparities. Government entities 
must institutionalise robust transparency frameworks. 
Because the corruption control index shows long-run 
lags and significant positive shifts toward reducing 
Inequality by over 2.17%, sustained institutional 
reforms are critical to ensuring public resources are 
distributed equitably. 
 
CONCLUSION 
There is a significant relationship between PSC by 
commercial Banks and Income Inequality. Increasing 
funding through PSC by commercial banks can greatly 
address income inequality in Nigeria. Increased access 
to funds directly promotes investment, leading to job 
creation, supports innovation, and increases aggregate 
demand and GDP growth. The present study may be 
extended by researchers exploring the link between 
other financial development indicators not examined 
here and the Gini index in Nigeria. Furthermore, findings 
may be compared between Nigeria and a comparable 
country, and the role of specific financial products or 
services in mediating the FD-income inequality 
relationship may be explored. 
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